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Abstract

In this research, technologies to manage and analyze large-scale RDF datasets, on the architecture based Google
File System and MapReduce, as a next-generation parallel and distributed computing environment, were studied.

Three sub-themes were set in our approach: storage and parallel processing methods, dynamic query optimizations,

and efficient intermediate data management for queries.

Novel methods in each sub-themes and integration of

them were proposed, and proved to be significant for large-scale RDF data processing, through our experiments.
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