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Quoc Le, et. al: Building High-level Features Using Large Scale Unsupervised Learning, ICML2012, 2012
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– https://youtu.be/2K3rjIMasRc
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2010 28%
2011 26%

DL$�� Google$�

2012 16% %&'%� AlexNet 8�

2013 11.7% Cralifai 8�

2014 6,6% Google 22�

�� 5.1%
2015 3.57% Microsoft 152�

2016 2.99% Trimps-Soushen
2017 2.25% Momenta.ai
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The best way to predict the future is to invent it

�!���%# �!�����%# �

- Alan Kay

The best way to predict the future is to DESIGN it

	��!��� ��

- Hideyuki Nakashima
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• CBT (Computer-Based Test)
• IRT (Item Response Theory)
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• https://www.nri.com/jp/news/2015/151202_
1.aspx
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