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— Bibliography
— Attachments

HUMAN-IN-THE LOOP




[FLOHIC 3

INb—: TAREWNIDO—HLIR, BLEATZTREFED
LAR—FZEZWEWTLEIN ? FHATRZD ML,

. Ba0ORELCOE THEMERD A
EEEof-CLIE?

mE: ERNERMIERNGRHEEEZEHM TonedL.
NLZEZROERICIIFLREECANEDSD,

X3 FNEETTIOLECARLE A ... 1,

INb—: BEOVHB XTI L. 16
B iE [ RS [%KGhost in the Shell ] (#A4F, 19954F)
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#iETrORy L (B ] 84K (BAXE, 2019%F).
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TECHNOLOGICAL SOLUTIONS TO HUMAN ERROR AND
HOW THEY CAN KILL YOU: UNDERSTANDING THE
BOEING 737 MAX PRODUCTS LIABILITY
LITIGATION

W. BRADLEY WENDEL*

W. Bradley Wendel,
Technological Solutions to
Human Error and How They Can
Kill You: Understanding the
Boeing 737 Max Products
Liability Litigation, 84 J.
AIR L. & Com. 379, 383 &
Fig.1l (2019).

llHIVIIII

human-machine interface
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Figure 3: NHTSA Accident Reconstruction, Joshua Brown (2 of 2)

(a) Further Reconstruction Based on Sensory Input Data Taken by Tesla
Autopilot System*””

SUBSEQUENT IMPACTS CRASH DIAGRAM

¥ Bryan
é

( . <. EVENT #4: VIUTILITY POLEP.OL ca S ey ,

| i Robot Ipsa

: Loquitur,
N 108 Geko.

| o L.J. 225,

: , ”ﬁ”*‘f”"‘"“ 285-86 &

]
ILLUMINATION: DAYLIGHT

o Figs. 2-3
! ROADWAY: BITUMINOUS, DRY

SPEED LIMIT: 105 KMH (65 MPH)

V1: 2015 TESLA MODEL S 70D
| V2:2014 FREIGHTLINER CASCADIA
.

SCALE (METERS)

| —_— UTLTYPOLERP3]

V1 DEPARTS ROADWAY
|

—_ CHAIN-LINKFENCE

f"‘"“"xz * *k

case Number: | CR16016

477. Id. at32.
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Casey, Robot Ipsa Loquitur, supra, at 248.
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Id. at 249 (emphasis added).
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Human-out-of-the Loop [and the Skynet?!]:
OARykES

Charles P. IV Trumbull, Autonomous
Weapons: How Existing Law Can

_ . Requlate Future Weapons, 34 EMORY
Charles P. Trumbull IV INT’L L. Rev. 533, 543 (2020).

AUTONOMOUS WEAPONS: HOW EXISTING LAW CAN
REGULATE FUTURE WEAPONS
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Human-in-the Loop:
ARykESR

Id. at 548, 559.
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Human-in-the Loop: ARV EZE

Id. at 576.
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. %%%%-*—”&Z-EE?’%J:’)*EE?U R TE Zh
WIZFARDHZEITITEFR

« BEIJL—KS5>3—2049] (Warner Bros. 2017)IZRR+3E
ALBDIK] (KD6-3.7 OR “Joe”) M. EHRIZCALVRWNEET
The Post Traumatic Baseline Test (emotional

devianceZ A5 ER) D ZEREHEIN DKM IEARE,

. ISV HTHOIMRIBHIT, EALOIE—ET Kb, B
SN VERISRIBEIN RTINS L ST FHEE,
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WM A7 ARSI 3 D0k 287

6 i
77 NI % D OUMTEIL

) 7Y LA, 1940 SERD S TR ICEGRL TWE £ L. ENLABE,
BRHEEIZ BT, ROASBEENEH- LBE NES#FF) Tl
iz B 2 HGIOBGHIR S, HRLEEOH S HMEICHNT, AR
12, ARERNTHD LV LS& REORFT &, el
B ORBUC BT BITIERET 2720 OMIEE LT, TOBIZERAT
sxUr". LTOEN, LTOWEMIE, H0E - RUE - SEHBY
22 TOEYERBCHRTHBIEOHOTHBREDHDOTH, MW TIIHIC
BIZHDOTHHoTEAD, RFAMIOMGKLEINTEELE, TITH,
LIRE, WEE, BROMEE, AN, GEEEREK RIEMRREIE0
¥, MG, MREMREAY, RA, HEOHIERE, TROLETH T8
MEEIA A &L THME b N E Uz, LOFMNE, KR THS L
MO T, COH L, EEILEN TR, BXU, gz, &0
RN T B0 ORISR THBREN TS Y, ZIICBWT %)
&1, PN EMEROBMTEREI NS LITBD T,

ZoWiE, RPEEFRLLTVHOTY, s, T, kEw
3 4rBFI B L TIREIRE A L TO AN IC Bl 2 WA B 5T, koH#R
PIBL TS, 20 NEEMHKHFE 13, RREBATHET, EOAEMMES
1, RO FES RSB, FhERRLELALS TS, ThAEkE
LCHRTE, i, N TELETHHCHRMBRMRE L THRAZDHX
T, NEEKFE 3, BRI RN EREERBTSILE
BRUET. 7hUd, B<OAXIZEST, HIZALFEOUTEZI A

(1) Richard A. Posner, Economic Analysis of Law (Tth ed. 2007) %81,

Fr—F-ARXF—[EEXE BRI (FHEER, RERH aMHE—R, 20115)

Carolin Kemper, Kafkaesque AI? Legal Decision-Making in the Era of
Machine Learning, 24 U.S.F. INTELL. PrOP. & TeECcHE. L.J. 251 (2020).
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AIICEESAACEICHEBLEMEREIZZ
LM[T. ... EEESEEAEEICH
BRELNLGNIET, REZHLTERES
BT A LIZDEMNB PR B THoT-
BEENDEICHIL—LEDIFBRIEIZDE
MNEAREENHS.

AHARTIE, AEELSAIEAMTEHERZT

HBLYE, ABOHTHEEX{TIIBEDA
A, EHEAE Y ISFEHliSh TLHRENFL

CEMXFShE L . L L F L L
EEAE L) SFE i TLDERISMGRE
BHAHERZFShE: . . . . ChibD

HRELY, EAAIEEICABZESSE
BE ABOADOEEICETAHBROAH
BLCENTEREINE. #-T, BEETOE
[ZABDHTITIENIFELLNEEZ SN S.

14

..., HMEBENOREEREL, A
[CHITHHHMIELERT=HICAIIZKSAIE
BIERARELTITODENDY, BHEOME
RRICEAZ == LHL, BERERDI D, A1F
EEICAWSZEIZKY, REE ITMEREA
BLGH e o=, ATEEZEE @A
FTHY, EHEDOMBICOLNDLHFS
NTWED, BEEELNERICOVTESREL
ANEWVSRATRSE, BT LLIEFHE DM
B D> TR EME TELL.

LLEDD, BIROAELIRRABREDEZA
(X, BEHENESRLEIM VNS ANERTE
TWEW=8, §#, EICAIEELGERELIIES
LSEDEOIMEELTLKAELNHB. -1
L, Y—RA DI F A PAIFEOH & - £
ABHIELCEICEY, KRREERLTSHER
BELNhSA g T+ 9H5.

Zhicss : WTEH et al.,IATABRAICSH SHBEFEROBEIAITT
%2{;@&1 %*%%é%%ﬁéﬁﬁ%\ﬁrmi S AARB in ATTRIESSSEMASHIS] HI5H

(2021)1,3H (EER(X20215F2H15~18HI%E

#bfmma H‘J&b—CAIim M) https://www.jstage.jst.go.jp/article/pjsai/JISAI20

WAERISIE, S-SR ORENHS.

21/0/JSAI2021 4H2GS11c04/ article/-char/ja/ (Sept. 2,

2023) .
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s REDILEZ., NEMIZ, B NELT
LY,

« N(HER)IZKANTYTDH L%
F— BT EGHIBTIZLT=0Y,
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1. ABEE-BEADESE

2. IEHEHZRAIFIEE

See, e.g., Courtney Hinkle, The Modern lLie Detector:
AIl-Powered Affect Screening and the Emplovee Polygraph

Protection Act (EPPA), 109 GEOo. L.J. 1201 (2021).
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» BIZITAZELLTHIEEI(C, BEINGS LIS
FOTHIBI HEAERICRT HENSHEH:

Automatically making decisions based on what categories an
individual falls into--that is, what correlations can be
shown between an individual and others--can fail to treat
that individual as an individual.[] If algorithmic
decision-making does not allow individuals to proclaim
their individuality (“I may look like these other people,
but I am not in fact like them”), then it wviolates their
dignity and objectifies individuals as their traits, rather
than treating an individual as a whole person.[] Both
decisional discretion and individual process rights are,
under this reasoning, necessary not just to prevent error
but to adequately recognize and respect individuality.[]

Margot E. Kaminski, Binary Governance: Lessons from the GDPR'‘s
Approach to Algorithmic Accountability, 92 S. CarL. L. Rev. 1529,
1542 (2019) (emphasis added).
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» PIZITEREFETIXGE<HEERRICHKRHINT S
THRANERICKR T HELSHLH:

[O]lne could even further argue that dignity
interests require that causation and not
mere correlation is found prior to launching
action.[] With such additional disclosure,
individuals can obtain sufficient insight to
the process and how it relates to their
lives.

Tal Z. Zarsky, Transparent Prediction, 2013 U. ILL.
L. REv. 1503, 1548 (2013) (emphasis added).
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“‘Dehumanization of Killiag Hiring”

- ORYFEBRRIERIODIEN O B CULATE FUTURE WEAPONS

Charles P. Trumbull IV*

A related ethical argument is that giving machines the
ability to make life-and-death hiring-and-rejection
decisions disreqards the human dignity of combatants
applicants. . . . Y[T]lhe central argument here is that it

matters not just if a person is killed and injured-rejected

but how they are killed-and -injured-rejected."[! Human
intent needs to be linked to the outcome of anattaek a

decision in order to preserve moral accountability and the
ability to determine whether an individual was "-justly"
killed [rejected].!!

Trumbull, supra, at 552-53 (revision and emphasis added).

HUMAN-IN-THE LOOP




20

1. “algorithmic bias” %F

2. “automation bias” & /
HITL: Human-in-the Loop
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+ BERICEBELE-FOBEEZEALTVSRYIE. BEDEHNZKHSED, E.g.,

Sonderling et al., infra, at 22.
c E.g., PIVIUHOAEERADHA.

c RROHEZT—IEESE. EFNDENELEIETNNHSH, Id. at 23; Tt
at 95.

o PIWIYXLEZEMTEDIEAMTHY ., EDOABDRERELTILTYXLIZAYRAL,
¥rith, supra, at 94; Kim, infra, at 876.

¢« (FLVTYXLDRERIE, REERICBEIANMRREZECLTVSERETENIETL
FICEHNME, BT LTV LO—=U T ITEST—2%ROHZDE. FL—=
DT T=EORDEDT—ENEBRLOIERDLHDEL. BRIEDHIERLEARNY
D|NERZROIDEL, EMNEDTH S, HoT, RELEZILTIYXLOFER. &
MI5700 21840 DBEEIFV TV A34BERAIRETHLD LRI,
ZTDEIEENEDHRITES7LY, Ajunwa, Paradox, infra, at 1707. See
also 251 F. Supp. 3d, infra, at 1171 (“Algorithms are human
creations, and subject to error like any other human
endeavor.”) .

Keith A. Sonderling et al., The Promise and the Peril: Artificial Intelligence
and Employment Discrimination, 77 U. Miamri L. Rev. 1 (2022) ;BRI AITHIEEICKLSERE
BFEINLIFBEINEILEERE]IFE65%52591,955(2019412H); Pauline T. Kim, Data-Driven
Discrimination at Work, 58 WM. Mary L. Rev. 857 (2017); Ifeoma Ajunwa, The Paradox
of Automation as Anti-Bias Intervention, 41 Carpozo L. Rev. 1671, 1705 (2020).
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¢ AIlX. KEDT—R2ET—3- M=V J L. EEDHEEEELDOFX
DR EDBDEERR (correlation) ZRDITHIT DALGD T, ER
Bi{R (causation) BHAEIFESLHWN; T—2-7/=2J . BREDE

BZERITEITAL,;, EEXTRRDEITEBERE, 2<DBAMETELSH
BERERZRHL T, ChZE-THEZXZFRLTLES, Sonderling et

al., supra, at 24 & n.125; Kim at 874-75.

o TR YAV EEARBEROBELZSICHITLEVTAES, TOHERIC
HINWVTREZ T I HEAEICEOTIIRAREBEDENNIEETH S, Kim,
supra, at 881.

« RERICESWTHEHZS T T OHEREELFIELG>T. T3 v1=Y
SIITEHICE DMLV (Fatheoretical”) ; KEDT—EDHHSEY
EEOHLIERZRDITHTETTHS . BRICEIHGULHL, KLY
F—EDRRMEMNELLDOOFEENHLL, EFLOELSERET HAIS
BUEEBNEFNTOEIAEIZEEMT S5 ELE L, ARBEOT—
ADNTHWELINT . ETILEEOROBIREAFAERALEI S, BROZHME
fhE ORI AL, Kim, supra, at 879-80.
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« RICFBTIHAKDIZTARRTH] (curly fries) ZIFE7%S
_EEBVA LD R R A RSN =5 (X, EFXIT LA

HOESNEETHAIETHEENCOEBEERICHE->TER
LM BB ENIHD, ERE. FRIZRNT. (BETHEEM
1¥E] ("I Love Being a Mom”)IZlLM\W V42l (“1liking”) %
D)9 H5BITHANEDESZFASELELI=HLHAITNES.
AR RICE SGERIRIIBAS MK HEITH T HEFIAIZHER

(disparate impact) B@OERAZEMICHT-%,Kim, supra,
at 880-81 & n.95.

« BIZ, BREENMEBTHIIT4200ERIE. KR TIS/0X]
ZP->TWT., Dl Jared” vk LWLV AR THAEFILTYRX
L L=célEk, fb—=2 T - T—2DO RLELRV AT L
EEE-;-%@]&L—CE%O Lori Andrews & Hannah Bucher,

Automatic Discrimination: AT Hiring Practices and
Gender Inequity, 44 Carnozo L. REv. 145, at 154 (2022).
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BEBZAIICESESEEAICONTIE:

o FFLLEEELCERICEAET I —T7—FUKELENEEILER) TEBE
E#LEa—L.CHEEEEZ I/ LTEMI KO EEREITEDSE
RANT B,

¢« X—D—FTIHEENEZELINDIIEAMNE-ST, MERELZSL\R, 0D
;—%ﬁb’—Aaﬁiﬁa’éﬂBm\iﬁﬁ‘éﬁﬁ*ﬁ%bfﬁ&ﬁm:%&énéF:ﬁEE#‘

o XPREZEEICANLGLDT, "code”ZX—T—KRIZANTWEEEIZHE
%'75‘ programming” EEWVWTWWIGEICIEFESNTLES TN ES, EF

REDIEXARDSFE ESNENELSBEELNH S,
- BIAIX. BEIC—EOEAHRNAHNIZBABMNICEESATLESECA,
ADNFEDIEZNIE LI EIF-HE-FREICEZTHADZEE BT
&36;&75\5{% 2ENOHEAIMNDIDT, FBLETICHERELEEZLZH
BICEDTEETHEMNHEKS,

Calli Schroeder, Ben Winters & John Davisson, We Can Work It
out: The False Conflict between Data Protection and Innovation,
20 Coro. TecH. L.J. 251, 267-69 (2022).

HUMAN-IN-THE LOOP




26

ETAEEFICRYERR - ERERBERARICERT S LDV TE:

HEEOETAEM [ LOEE]Z. HROBWWMERBEDORZLLELTHET 5.

Solderling et al., supra, at 29.

KiE. TA-AVEI0 RE—F-1\3—0  BEDBREDERZHMFEABTANTH.Id. at
29.

ThOZEEIZ AN, EEEOHBLEOBEHE (“fit for jobs”) PREXLLDMEE
(“compatibility with the culture of the organization”)ZFRITRLEEMET S,
Id. at 30.

AFEOHAEDOEEE TARAICEHMSNSEL T AMEHAEISHFIZATNS, _Id. at 29.
BOXRFZZRAYIMOZERICANSCLE, TOLIGHRMEBBICKIT LI EOMOERER
HDEENICTIEENATLELD T, RS EIMNMTLNS, Ifoema Ajunwa, An Auditing
Imperative for Automated Hiring Systems, 37 Harv. J.L. & TECH. 621,

637 (2021); Ajunwa, Paradox of Automation, at 1703.

HEEDT7IWTYX LIE, EHEORMEEN . DEMNFHE. BIFNAYE. RUHHEMF EZHIRTSE
HEERTBHINEL, MAIZHIBTTESDHNELSHWNICREIRITIER T, 8ToERLBEHICH
ESLTHIMTESDO MR DHT . TOFEAUPZICEEIELCHLL, FERRICE OGN
% (“a game of they-said, we-said.”)IZ##$>>TL'\%, Schroeder et al.,
supra, at 272.

HEHutt(k, 20191 AIC, facial analysislTRTRAEBLIMAEEFTCADRAIREIZHELT.
BH—ERZEBLLIEITAEL EESNIETH#HELTLNS, Id. at 272; Courtney
Hinkle, The Modern Lie Detector: AI-Powered Affect Screening and the
Employee Polygraph Protection Act (EPPA), 109 Geo. L.J. 1201, 1203-04

n.4 (2021).
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ETZ4 -4 —LTERABEZITIBEIZDOLTIE:

o« F—LHhoFERALELEEDERLEEE NI EEYES ., b a0
[CHEEXITLEDORIIZENLZDONZDWTABRA(RFER) THY . tHEE
FEHARRBEFZREZTT EIIESLELL., HEEHEADEE S LEE{EEZE Y]
[CEE i TELR LTI G, RERBICEEDERAICEN G,
Andrews & Bucher, supra, at 184-90 (%§/2188-90).

« TLANXY—DIVIAF—IZH->T. GEVWREREEEZTRTEDT/N\IDKRIFES
AR TEBEZF[EXZL QIS EIZKYEREEMEHEHTEaHLND
F—LlE, CNITKYRXIFHNEE (EQ: emotional intelligence) ®Z®M
OFEZEANEY ., TV IDREEN S, T —LEITERBBREELNSER
PRERITRFASZAZLEUZESHEBEODLESXITEENZTRITES.
EVVSEIIARERL\TLNS, Id. at 189.

o F—LIZKBEEETMOR LM (validity) ZiEAT 5. FIEBEDLL
WIIL-BICLOABRLFELLEL, Id.
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« WERBITT—LESELTRAER—RAFAUIEHBELT. BREBDT —LFHEREL
BRIE-1GE. KEEMPIZIEBADOFREEHTHOONTWVIEE . 7 —LDFE
ROoMEEBRITRAZRT HHZTIT SYILEAREZEDOMETHALEBR LD
BERI CEICHODTLEIELWDIREDEZNHLH S, Schroeder et al., at
271. See also Andrews & Bucher, supra, at 179. See also
Savage & Bales, supra, at 225 (text accompanying note

143) (AE) .

* But see, David D. Savage & Richard Bales, Video Games in Job
Interviews: Using Algorithms to Minimize Discrimination and
Unconscious Bias, 32 A.B.A. J. LaB. & EmMp. L. 211, 221, 222,
224-25 (2017) (personal performancelli& B 954 —LICKAIFEAITIESR
ZHEFLGVETFRLDDH., ERFEGTOLGWEERMGRERNH S, ELLTD KIS
}5fELTL %) (emphasis added) .

As with any type of employment hiring practice,
discrimination may occur if proper precautions
are not taken.
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BEFHEE FEHBREREEEFEABREABE HEFE~EBAPAFOHRMNZE
RBITEDL. ENEhFERZTEIRT 57-HC~ I FFITTE[20195F]6 A
https://www.mhlw.go.jp/stf/newpage 05463.html| (last visited Sept. 2. 2023) D5+ :

(2)AUZKH¥ERICEAT A XD EE - ME

AIDIEIRR) Y —RELDBT—ROTILTYXLIZIEZNATANEEN TS ATHE
N5 T=D . AIZEHHIERIZBEALTEENR-ITAREEFFE. GEDODEYAHNE
135, BlZIL. HRTechTlE, YY—RELEBT—ERDHFEYIZELT, HEEF SN
FEICTFRBEZZITDHEEEI RSN TLVS, D=6 AIDFERIZDINT,
TENMGEE CEYISHIETEALOIBRBERHBEZITOICENRDONS, HFFIZE
CANEDBEETIE. AFAFHBHFIZEWTAZEDISITERIRENZEFHE
RO RBEB CTHET AL, HRTechZFALERERICNAA TR OMEMNAR
BRAESFNATVWSHZHE TEIRENZEDHSC L. AICIHS>TITON =X
DNEBECH B RAENBENICE I THY, RBETRENSHEZRIET
BLLEENBETHS[, A AFEEZFTRITHLITEY, ANFEIZLDEFLHIERD
FICINATANEENTIWVEWAIEEENT T HELTES=OH ., FIfTEFHH AR
DINATADERHEIZETAHA M EHDEVNSIEFHLHY. 5%, ISL-EHI LD
AIZFEDERANEAFINS,

Id. at 10 (emphasis added).
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* algorithmic biasHEADMERELT. Al
DEE-TE-HEFERERIEALHIERL
TWBIELVSEERNRZToNS,

e 97iHH, Human-in-the Loop (HITL),

« LHL.HITLIXautomation biasFERZ
[CREBEL G UL ELS RN SR ZIToNS,

« BIZ[X, VATLZIEHIETAHIOFIZED
NAHEWNSELLMEHIE,
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The cognitive system's engineering literature has found that human beings view
automated systems as error-resistant .[] Operators of automated systems tend to
trust a computer's answers. []

. Studies show that human beings rely on automated decisions even when
they suspect system malfunction.[] The impulse to follow a computer's
recommendation flows from human “automation bias”--the “use of automation as a
heuristic replacement for wvigilant information seeking and
processing.”[] Automation bias effectively turns a computer program's suggested
answer into a trusted final decision.[]

Under the influence of automation bias, workers will likely adopt a computer's
suggested eligibility determinations . . . . In this respect, little meaningful
difference exists between a mixed system and its fully automated counterpart.

Automation bias may become increasingly acute in the twenty-first century as our
regulatory rules become increasingly intricate. As a general matter, those who
view themselves simply as data processors will lose their motivation to learn the
rules applied by computers.[] This may be especially true where human operators
believe that an automated system is better equipped than they are to master a wide
swath of complicated rules. Over time, human operators may lose the skills that
would allow them to check a computer's recommendations. As the public's demand
for government services grows, and as policy becomes more complicated, human
operators may be increasingly forced to trust automated systems.[]

Danielle Keats Citron, Technological Due Process, 85 Wasi. U. L. Rev. 1249, 1271-72
(2008) (emphasis added).
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Automation bias occurs when humans ascribe excessive value to
automated decisions or predictions, often ignoring
contradictory information. This in turn limits the extent to
which having a “human in the loop” can actually improve
algorithmic decisions. ...
Alice Xiang, Reconciling Legal and Thechnical Approarchs to
Algorithmic Bias, 88 Tenn. L. ReEv. 649, at 661 n.47 (2021).

Many think that the best way to ensure fairness or justice is to
inject a human into the decision-making process, perhaps with the
veto power to override the inanimate counterpart. We are worried
that if we simply thrust the human at the output end of the running
model, there is very little she can do to root out bias. The human
becomes a rubber stamp for the machine, prowviding nothing more than
a cosmetic reason to lull ourselves into feeling better about the

results. There might be better, more productive roles for human
oversight elsewhere in the process.

David Lehr & Paul Ohm, Playing with the Data: What Legal Scholars
Should Learn about Machine Learning, 51 U.C. Davis L. Rev. 653, 716
(2017) (emphasis added).
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0 [~¢AHIMTADIIEMFBHETHHO>TH,. TOEMIEESEBELXZEBLTLESIRR
NEKEBOIERHEIEXLLT

The assessments are not understood by the judges who apply
them, let alone the public at large. In the words of a
New York Times article: “no one knows exactly how COMPAS
works.[] Algorithmic risk assessments are akin to “an
anonymous expert [that the defendant] cannot cross-
examine.”[] These concerns are exacerbated due to the
weight people give to technology in our society
today.[] Judges may be “likely to assume that
quantitative methods are superior to ordinary verbal
reasoning.”[] This is a form of automation bias.[]
Automation bias can easily change a technological
suggestion into a “final, authoritative decision.”[] The
technology, then, can work to anchor decisions in
technological certainty that is both improper and
inappropriate. []

Leah Wisser, Note, Pandora’s Algorithmic Black Box: The

Challenges of Using Algorithmic Risk Assessments in Sentencing,
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Although inserting a “‘human in the loop” may appear to
satisfy legal and philosophical principles, research into
sociotechnical systems demonstrates that people and
technologies often do not interact as expected .
/. . . . [Tlhe vast majority of research suggests that
people cannot reliably perform any of the desired
oversight functions. This first flaw leads to a second
flaw: human oversight policies legitimize the use of

flawed and unaccountable algorithms . . . . Thus, rather
than protect against the potential harms of algorithmic
decision-making . . . , human oversight policies create a

regulatory loophole: it provides a false sense of
security in adopting algorithms and enables vendors and

agencies to foist [#L{fI75H] accountability for
algorithmic harms onto lower-level human operators.

Ben Green, The Flaws of Policies Requiring Human Oversight of
Government Algorithms, 45 Compur. L. SEC. REV. 1, 2
(2022) (emphasis added) .
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[+4allegation (NOT argument) .
conclusive THHAELTEBINLY,

* evidence-based policyMDREMNSE.
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Rather than take for granted that people can effectively
oversee algorithms, policymakers must empirically evaluate
whether any proposed forms of human oversight are actually
effective. Given the empirical evidence demonstrating the
limits of human oversight, the default assumption should
be that human oversight is likely to be ineffective,
unless proven otherwise. The burden should therefore fall
on [enities] proposing human oversight of algorithms to
provide affirmative evidence that this mechanism actually
improves outcomes and addresses concerns about algorithmic
decision-making. This requirement remedies the first flaw
of human oversight policies, in which human oversight is
presented as a safeqguard against algorithmic harms despite
minimal empirical evidence that it actually provides
reliable protections.

Green, supra, at 15 (emphasis added).
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« BIZAINF/FLHIBDIZE LT, BRID
rulesHVBEL TLVAIE A TIXEKL.
standards® L TITHIZKHE Al 6] B
HMiELTWSIEE,

Green, supra, at 12-13; See also Margot E. Kaminski, Binary
Governance: Lessons from the GDPR'S Approach to Algorithmic
Accountability, 92 S. CanL. L. Rev. 1529, 1542-43 (2019).

» GEMREN) v. (EAEAFBZHME)

* common law v. equity
« TLELERAFBEIX, REFICERETH
D TIXZELIDY,
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Long concerned with the unfairness of formalistic
application of legal rules, the principles and
practices of equity allow otherwise unfair
decisions to be adapted to indiwvidual
circumstances.[]- Decisions in equity can permit
courts to look beyond factors the law ordinarily
considers, to think about fairness in a particular
set of circumstances. Similarly, the subject of
an automated decision should be able to explain
why an algorithm's framing is not the full picture
and to introduce individualizing, sometimes
mitigating, factors an algorithm has not
considered.

Kaminski, supra, at 1542 (emphasis added).
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 Fairness . DIE/ B
* Accountability : aeBAE
* Transparency . B
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= THEEL

“[T]rustworthiness 1s relatiwve to

the stakes of the decision:

decisions that involve higher

stakes associated with erroneous

predictions require a higher

standard for validating algorithms”

Green, supra, at 13.
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Green, supra, at 13.
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ARTICLES

The Promise and The Peril: Artificial
Intelligence
and Employment Discrimination

KEITH E. SONDERLING, BRADFORD J. KELLEY & L ANCE CASIMIR"

Keith E. Sonderling, Bradford J.

. . U.S. Equal Employment Opportunity Commission, Keith E.
Kelley & Lance Casimir, T—he Sonderling, Commissioner https.//www.eeoc.gov/keith-e-

Promise and the Peril: sonderling-commissioner (last visited Aug. 28, 2023).
Artificial Intelligence and

Employment Discrimination, 77 U.

MiaMmi L. REv. 1 (2022).
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Id. at 77-78.
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VALUE-ADDED EVAAS®TGI RELATTIONSHIP TO

RATING EXPECTED AVERAGE
GROWTH

Well above Equal to or greater than 2 Students on average

substantially exceeded
expected average growth

Above Equal to or greater than 1 but Students on average
less than 2 exceeded average growth
No detectable Equal to or greater than -1 but | Students on average met
difference less than 1 expected growth
Below Equal to or greater than -2 but | Students on average fell
less than -1 short of average growth
Well below Less than -2 Students on average fell

substantially short of expected
average growth

[W]ithout access to [the vender’s] proprietary
information—the . . . computer source codes,
decision rules, and assumptions—EVAAS scores will
remain a mysterious ‘black box,’ imperative to
challenge.

HISD teachers have no meaningful way to ensure
correct calculation of their EVAAS scores, and as a
result are unfairly subject to mistaken deprivation
of constitutionally protected property interests in
their jobs.

Houston Fed'n of Tchrs., Loc. 2415 v. Houston Indep. Sch. Dist.,
251 F. Supp. 3d 1168, 1179 (S.D. Tex. 2017) (emphasis added).

HUMAN-IN-THE LOOP




49

HUMAN-IN-THE LOOP




HUMAN-IN-THE LOOP

50

Ifeoma Ajunwa, The Paradox of Automation as Anti-Bias
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* Ben Green, The Flaws of Policies Requiring Human Oversight
of Government Algorithms, 45 Compur. L. SEC. ReEV. 1 (2022).

* Courtney Hinkle, The Modern Lie Detector: AI-Powered Affect
Screening and the Employee Polygraph Protection Act (EPPA),
109 Geo. L.J. 1201 (2021).
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* THE ILLINOIS ARTIFICIAL INTELLIGENCE VIDEO INTERVIEW ACT.
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* Margot E. Kaminski, Binary Governance: Lessons from the
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* Pauline T. Kim, Data-Driven Discrimination at Work, 58 Wm.
Mary L. Rev. 857 (2017).
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FEMITTFEOL, EOEshFREERTH=HIT~]1 () FFTE (20194168 .

* David Lehr & Paul Ohm, Playing with the Data: What Legal
Scholars Should Learn about Machine Learning, 51 U.C. Davis L.
REv. 653 (2017).

e MaRYLAND CODE, LABOR & EMPLOYMENT § 3-717.
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Locar Law INT. No. 1894-A.

* OECD, AI Principles 1.3.
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Interviews: Using Algorithms to Minimize Discrimination
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Understanding the Boeing 737 Max Products
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* THE ILLINOIS ARTIFICIAL INTELLIGENCE VIDEO
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RICHEEMEHE .

* MARYLAND CODE,
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FFEZN)
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s EFRFES OV RYE R OEEHEERAEL .

Andrews & Bucher, supra, at 195; Kammerer, supra, at 834-36.
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New York City ‘s AUTOMATED EMPLOYMENT DECISION ToolL Law (AEDT
LawX|& NYC AI HIRING ORDINANCE), LocaL Law INT. No. 1894-A.

(20235 F%h)
e AEDT RFE'L[FLITFTAESFLEWRY (SERAEEIE:

VY—ILIAEDOhBAEE] L Y—ILREDOhAEEDER LS EE. G
SEICHLTIOEERXYLAISENTHIE;

V b EEIC[AEDTHERUND I REFEFEHHLE;
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VERDOD—FRILARICHRILE-ETEAICESHERERS (bias audits)

I&Z(ﬂggz:)& M OBEFDENEEHROENFELITI LTRART S

Paul J. Sweeney, NYC Will Be Watching: Is Your Hiring Program
Compliant?, 29 No. 6 N.Y. EMp. L. LETTER 1, June 2022; Malika Dargan,
Comment, Model Act for Algorithmic Models: A Requlatory Solution for AT Used in
Hiring Decisions, 13 HousToN L. REv. ONINE 50, 55-56 (2023); Fuchs, supra at 212;
Jonathan L. Sulds , 1 New York Employment Law §9.02 in New York Employment Law,
Second Edition.
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* (*1) AEDT means “a computational process, derived from
machine learning, statistical modeling, data analytics, or
artificial intelligence, that issues simplified output,
including a score, classification, or recommendation, that
is used to substantially (*) assist or replace discretionary
decision making for making employment decisions that impact
natural persons.” N.Y.C. Admin. Code § §20-870 (emphasis
added) .

o (*i) BLITFOES%LG#MtHIAHS: “[Bly limiting its reach to automated
tools that “substantially assist or replace discretionary
decision-making” it would allow employers to avoid audits by
arquing that they do not give “substantial weight” to AI
results.”

* (*2) A “bias audit” is defined as “an impartial evaluation
by an independent auditor,” which "shall include but not be
limited to the testing of an automated employment decision
tool to assess the tool’s disparate impact on
persons . . . . N.Y.C. Admin. Code § §20-870.

(emphasis added) .
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- ER(8, RAEESR)ICRITSAINA
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H-AIRYRT—OHSHERER (B20E) +ATHNFURRER2(B16E) &M

G (202252 H8AH)

https://www.soumu.go.jp/main sosiki/kenkyu/ai network/02ii
cp0l 04000285.html (last visited Sep. 4, 2023) .
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ANNEX III
High-risk AI systems pursuant to Article 6(2) are the AI
systems listed in any of the following areas:

4. Employment, workers management and access to self-
employment:

(a) AI systems intended to be used for recruitment or
selection of natural persons, notably for advertising
vacancies, screening or filtering applications, evaluating
candidates in the course of interviews or tests;

(b) AI intended to be used for making decisions on promotion
and termination of work-related contractual relationships,
for task allocation and for monitoring and evaluating
performance and behavior of persons in such relationships.

(emphasis added)
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Article 14
Human oversight

1. High-risk AT systems shall be designed and developed in such a
way, including with appropriate human-machine interface tools,
that they can be effectively overseen by natural persons during
the period in which the AT system is in use.

2. Human oversight shall aim at preventing or minimising the risks
to health, safety or fundamental rights that may emerge when a
high-risk AI system is used in accordance with its intended
purpose or under conditions of reasonably foreseeable misuse, in
particular when such risks persist notwithstanding the
application of other requirements set out in this Chapter.

3.Human oversight shall be ensured through either one or all of the
following measures:

(a) identified and built, when technically feasible, into the

high-risk AI system by the provider before it is placed on the

market or put into service;

(b) identified by the provider before placing the high-risk AT
system on the market or putting it into service and that are
appropriate to be implemented by the user.

(emphasis added)
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4. The measures referred to in paragraph 3 shall enable the

individuals to whom human oversight is assigned to do the following,

as appropriate to the circumstances:

(2) fully understand the capacities and limitations of the high-risk
Al system and be able to duly monitor its operation, so that signs
of anomalies, dysfunctions and unexpected performance can be
detected and addressed as soon as possible;

(b) remain aware of the possible tendency of automatically relying or
over-relying on the output produced by a high-risk AI system
(‘automation bias’), in particular for high-risk AT systems used to @Zﬂ
provide information or recommendations for decisions to be taken by
natural persons;

(c) be able to correctly interpret the high-risk AI system’s output,
taking into account in particular the characteristics of the system
and the interpretation tools and methods available;

(d) be able to decide, in any particular situation, not to use the
high-risk AI system or otherwise disregard, override or reverse the
output of the high-risk AI system;

(e) be able to intervene on the operation of the high-risk AI system

or interrupt the system through a “stop” button or a similar
procedure.

(emphasis added)
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5. For high-risk AI systems referred to in point 1 (a) of
Annex III, the measures referred to in paragraph 3 shall be
such as to ensure that, in addition, no action or decision
is taken by the user on the basis of the identification

resulting from the system unless this has been verified and
confirmed by at least two natural persons.

Annex III, point 1(a):

1. Biometric identification and categorisation of natural
persons:

(a) AI systems intended to be used for the ‘real-time’ and
‘post’ remote biometric identification of natural persons,

(emphasis added)
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1. The data subject shall have the right not to be subject to a decision
based solely on automated processing, including profiling, which produces
legal effects concerning him or her or similarly significantly affects him
or her.

2. Paragraph 1 shall not apply if the decision:
(a) is necessary for entering into, or performance of, a contract
between the data subject and a data controller;
(b) is authorised by Union or Member State law to which the controller
is subject and which also lays down suitable measures to safeguard the
data subject’s rights and freedoms and legitimate interests; or
(c) is based on the data subject’s explicit consent.

3. In the cases referred to in points (a) and (c) of paragraph 2, the data
controller shall implement suitable measures to safequard the data
subject’s rights and freedoms and legitimate interests, at least the right
to obtain human intervention on the part of the controller, to express his
or her point of view and to contest the decision.

4. Decisions referred to in paragraph 2 shall not be based on special
categories of personal data referred to in Article 9(1), unless point (a)
or (g) of Article 9(2) applies and suitable measures to safeguard the data
subject’s rights and freedoms and legitimate interests are in place.
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(BEREZFREEXOR, FFEHFER)
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(emphasis added) .
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BTHITNIE, CnZEBLTILGHENIEETHEDTH S, EEFEERTTEDOHTILNS
HE. BEEAMIZE. ROEBYTHS, BFRFE2FKFICHBITLHEE)

(emphasis added) .
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141 FEHEOEEXIIIEAICY->T. FHEOEE. . AENIAEHEFE
g HEIHERE25FE1 28R,

O HEEOEEE IR FEXIIBEODTRIZY-H>T. EEEE
SEEFICELACENTERLEZER LT AE(WEAE2XE251R),
N FEEOFRALEICHT-Y, EREORBNH LI ETEH LT HEHEE
EoLEIEMR),

2 FBEODSEXIRAICHHDT. FBHEDER. FEXIRNEZEHLT S
ECEFB7E-BFRFE2XF1SHR)

1) BFAFE2XF 15O HFEHEOFEXIERAICEITHIIFETHOT. HEBE
DER.FEXFFEAICHTIFERZERHLTHED1EE FREXIIEAICHT=D
T.BARELKEFREN—EULEELLF—EUTTHAZEX [F—EULEDFH A
BEERENDDHOIELGE—TEULDERNZETHEUTIER-RE-RANEHR L
W5, ) ZEEBREELTHIANTDEERZL., BIZE, RITBITHLDNEET S
(BR-ARE-RNEHEEERELLTNSERDLONSH])
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14 SEXIIFERICHE=-T, EE-XAN @=L TLy
c&
O HH#HIRAQOREQDIC. SR ARE-FHEHILASEATVEILE,

N BR-FE-FHABEBEBELTODSEICOVTIE, RAESZITE VL THEYREE
EAESNTVDIGERITIRAT AN, SR ARE-EHEHZELTLVENEITONTIE,
FICEF LV FFHELNLESNTVRIGSICOATDORRET S L,

(2) EEMLTIEAOAEIZOVNTIE., ARNEARNLGERILIC. REWICHEENTHNELD
ThHHH. EEMLGERINALGZWNMEEELTIE FIZAE. XRDESLEDONEZOND, (BB
HEPALGEWNERDHLNSH)

»rjjﬁ#%@ﬁ&“a“é%j%émga#éﬂﬁﬁl ZDOVWT, HEEBFITOHITHELFH ALY

ya)) _

O SYEEIRT A2EBREZHNALT ABIETIEIHAIN., EMETH-HNDEE. HmEINE
%%ggsw BEOEEICBEVWTHAZEILWVGRIC. —BULDFRAINH A LEZEHE

N BLAZH  HABOTFIVIDRHEITIFHNEZXREQHNELTLENE[ES QRIS
[22LWT. BRRIIAEN—TELU L THLACLEZEHLTHIEES

3 FHEDHEEELJIIRA. FEXIBEOER(CH->T EEZHIERHICILEHIEN
TERHEZEM/ LT HLECERTER - IFFE2XFE25E1R)
(1) ....
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